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1. Reading Passage

When 38 million Indian farmers received accurate Al-powered monsoon forecasts last year, the
result looked like exactly the kind of story development economists have been waiting for. The
predictions, built by an international team blending models from Google and the European Centre
for Medium-Range Weather Forecasts, gave farmers four weeks' notice and flagged an unusual late
start to the rainy season. It is, in the words of Rose Mutiso, executive director of the African Tech
Futures Lab, her favourite Al example. So when the Financial Times asked her whether artificial
intelligence could help poor countries 'leapfrog’ into prosperity, one might have expected
enthusiasm. Instead, she offered a careful warning.

Leapfrogging is the idea that a developing country can bypass an older technology and jump
directly to a newer one — skipping landlines for mobile phones, for instance, or skipping bank
branches for mobile money. In the mid-1990s and 2000s, Africa did exactly this, becoming a global
leader in mobile adoption without ever wiring much of the continent for telephones. Many now
hope Al will follow the same pattern. Mutiso disagrees. The crucial difference, she argues, is that
mobile phones bypassed legacy infrastructure, while Al is one of the most infrastructure-intensive
technologies ever invented. To train and run AI models, a country needs vast amounts of
electricity, computing power, data, and trained institutions. Africa, she notes, currently hosts
roughly 1% of global data centre capacity.

Mutiso is also wary of treating every problem as a nail for the Al hammer. The Indian monsoon
model only worked because decades of groundwork were already in place: a century of rainfall data
from the UK Met Office to calibrate against, a global climate data set, and the institutional capacity
to localise the model to Indian conditions. Real success, she argues, is not a 'just-add-Al" story.
Instead of asking what to apply Al to, she suggests, governments should think in terms of
sequencing: deciding which bottlenecks — energy, connectivity, data governance, regulation — to
solve, and in what order.

The labour story is equally uncomfortable. Kenya has become a global hub for Al-related
outsourcing, with workers performing data labelling, training, and reinforcement learning for
foreign tech companies. These jobs, Mutiso notes, often involve difficult content and weak
protections, echoing earlier controversies around essay-writing mills that served students in the
UK and elsewhere. Yet she is reluctant to dismiss the opportunities outright. Her position is that
both governments and tech firms must build proper frameworks — and that countries hosting tech
firms have real leverage, if they choose to use it.

Her deeper worry is structural. For decades, the path out of poverty for large parts of Asia ran
through manufacturing: factories migrated from Japan to South Korea, then to China, then to
South-east Asia and South Asia. Africa was supposed to be next. But automation and reshoring' —
companies bringing factories back to richer countries — are beginning to close that door. About
80% of Africans, Mutiso estimates, work in the informal sector, which means most are insulated
from the first wave of Al disruption hitting white-collar work. The long-term danger is different
and bigger: that the traditional ladder out of poverty is being pulled up before African economies
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can climb it. Al in this view, is neither the savior nor the villain. It is a powerful technology that will
reward countries that have already built the boring stuff — power grids, schools, institutions, rules
— and quietly punish those that haven't.
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2. Explanation

Last year, 38 million Indian farmers got AI-powered monsoon forecasts that actually worked. So
why is one of Africa's sharpest tech thinkers warning that AI won't be the magic shortcut
everyone keeps promising?

What's Going On?

The Financial Times sat down with Rose Mutiso, executive director of the African Tech Futures Lab, to
ask whether Al can help developing countries 'leapfrog’ — skip past older technologies and jump
straight to the cutting edge, the way Africa skipped landlines and went straight to mobile phones.

Mutiso's answer is a careful no. She points to a real Al success — 38 million Indian farmers getting
accurate monsoon forecasts — but argues that Al is fundamentally different from mobile phones. It
doesn't bypass infrastructure; it demands enormous amounts of it: compute power, electricity, data
centres, and trained institutions. Africa currently hosts roughly 1% of global data centre capacity.

How To Think About It

The leapfrog metaphor only works when the new tech genuinely replaces the old plumbing. Al doesn't
replace plumbing — it IS plumbing, just a new and hungrier kind.

o Think of mobile phones vs. landlines as switching from DVDs to Netflix: you skipped the disc, you
didn't need new power lines. Al is more like switching from a bicycle to a Formula 1 car — sure, it's
faster, but now you also need a racetrack, a pit crew, and jet fuel.

e Or think of it like trying to host the Olympics in a town with no stadium. The athletes (the Al
models) are ready; the venue (compute, energy, data governance, skilled workers) is the binding
constraint, and venues take decades to build.

Key Things To Know
e The Indian monsoon model was trained on a century of global climate data and 100 years of rainfall
records from the UK Met Office — not built from scratch in India.

e Mutiso's framing: stop asking what to 'apply Al to' and start asking about sequencing — which
bottlenecks (power grids, connectivity, data governance, safety rules) need to be solved in what
order.

» Africa has roughly 1% of global data centre capacity, and faces power shortages that make running
large Al models physically difficult, not just expensive.

» Kenya is already a hub for outsourced Al 'data labelling' — workers training models for foreign tech
companies, often under poor labour protections and exposed to disturbing content.

e About 80% of Africans work in the informal sector, meaning the first wave of Al job disruption
mostly hits formal white-collar workers — a smaller slice than people assume.

Why It Matters

If you're a teenager thinking about a career in tech, policy, or international development, this is the
debate that will define the next 20 years. Mutiso is worried that the traditional development pathway —
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manufacturing jobs migrating from China to South-east Asia to South Asia and eventually to Africa — is
being eroded by Al and automation before African countries can catch the wave. That has huge
implications for global migration, inequality, and where the next billion middle-class jobs come from.

The Bigger Picture

Two decades of mobile-based 'revolutions' in poor-country agriculture produced more pilot projects
than lasting change — a warning that hyped technologies layered onto weak systems tend to disappoint.
The questions to watch: will African governments build domestic data centres and power capacity, or
remain dependent on cloud infrastructure in Europe and the US? Will policymakers regulate the labour
conditions of data labellers, or leave that to the tech companies themselves? And will the next phase of
globalisation produce a new development model — or simply leave large parts of the world behind?
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3. Key Terms Glossary

Leapfrogging
The idea that a developing country can skip an older, expensive stage of technology (like landlines)
and adopt a newer one directly (like mobile phones), saving time and money.

Compute

Raw computing power — the processors, chips, and servers needed to train and run Al models.
Modern Al is extremely compute-hungry.

Data centre

A large warehouse-like facility full of servers that store data and run cloud and Al services. They need
huge amounts of electricity and cooling.

Informal sector

Work that isn't officially registered, taxed, or protected by labour law — street vendors, casual
labourers, smallholder farmers. The majority of African workers fall here.

Data labelling

Manually tagging images, text, or audio so Al models can learn from them — e.g. drawing boxes
around pedestrians in driving footage. Often outsourced to low-wage workers.

Data sovereignty

The principle that data collected in a country should be governed by that country's laws — important
when cloud services and Al training happen on servers based abroad.

Reshoring

When companies move manufacturing back from low-wage countries to their home country (or
nearer ones), often using automation. The opposite of outsourcing.

Manufacturing-led development
The economic model in which poor countries grow rich by moving workers from farms into factories
making goods for export — the pathway used by Japan, South Korea, and China.
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4. Reading Comprehension Quiz

Circle the best answer for each question.

Q1. The passage most directly argues that:
(OA) Al will allow African countries to skip traditional development stages much as mobile phones did.
(OB) Alis unlikely to function as a classic leapfrog technology because it depends on heavy infrastructure.
(OC) Alin healthcare will replace doctors in countries with severe physician shortages.
(OD) Africa should refuse foreign cloud services until it builds its own data centres.

Q2. According to the passage, the Indian monsoon Al forecast succeeded primarily because:
(OA) India built domestic data centres specifically to run the model.
(OB) Farmers demanded a new app and developers responded quickly.
C) Multiple ingredients — global climate data, UK rainfall records, and local calibration — were already in
g g y
place.
D) The Indian government banned older forecasting methods to force adoption.
g g P

Q3. As used in the passage, 'sequencing’ most nearly means:
(OA) arranging in alphabetical order
(OB) decoding genetic material
O C) deciding which bottlenecks to solve in what order
(OD) running tasks one after another in code

Q4. As used in the passage, 'binding’ (as in 'binding constraint') most nearly means:
(OA) legally enforceable
(OB) tightly wrapped
O C) limiting or decisive
(OD) emotionally connecting

Q5. Which statement about African data labelling work can most reasonably be inferred from the
passage?
(OA) ltis the fastest-growing white-collar industry on the continent.
(OB) Itcreates jobs but often under troubling labour conditions.
(OC) Itwill soon be automated away by the same Al systems it trains.
(OD) Itis mostly performed by university students as side work.

Q6. The passage suggests that Mutiso's main worry about the long-term economic future of Africa is
that:
(OA) African consumers will be unable to afford Al services.
(OB) Automation may close off the manufacturing-led development pathway before African economies can
use it.
(OC) African governments will over-regulate Al and drive companies away.
(OD) Climate change will make data centres impossible to cool.
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Q7. Mutiso's response to the question of whether policymakers or tech companies should set

protections for data labellers is best described as:
(OA) Strongly favouring government regulation alone.
(OB) Leaving the matter entirely to the market.
(OC) Endorsing a shared responsibility between governments and firms.
(OD) Calling for an international treaty to handle it.

Q8. The author's tone toward the 'Al will transform everything' narrative is best described as:
(OA) enthusiastically supportive
(OB) skeptical but not dismissive
O C) openly hostile
(OD) indifferent and detached

Q9. Which statement about the first wave of Al-driven job disruption in Africa can most reasonably be

inferred from the passage?
(OA) It will primarily affect informal workers, who form the majority of the workforce.
(OB) It will fall mostly on the formal, knowledge-economy minority rather than on most workers.
(OC) Itwill be evenly distributed across all sectors of African economies.
O D) It will be offset entirely by new Al-related jobs created in Kenya.

Q10.Which choice provides the best evidence for the answer to the previous question?
(OA) The reference to 38 million Indian farmers receiving forecasts.
(OB) The claim that Africa has about 1% of global data centre capacity.
O C) The statement that around 80% of Africans work in the informal sector and are 'outside this initial wave
of disruption.’
(OD) The discussion of reshoring and Asian manufacturing hubs.

My Score: /10
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5. Answer Key with Explanations

Q1. The passage most directly argues that:

Answer: B

The passage's central claim, voiced by Mutiso, is that Al is infrastructure-intensive and therefore unlike the
mobile-phone leapfrog. A is the view she critiques. SAT Tip: When a passage opens with a popular claim and then
quotes an expert pushing back, the central idea is almost always the pushback, not the popular claim.

Q2. According to the passage, the Indian monsoon Al forecast succeeded primarily because:

Answer: C

Mutiso emphasises that the success required decades of global climate data, a century of UK Met Office rainfall
data used to calibrate the model, and the ability to localise to India. B is Trap C — sounds reasonable but the
passage explicitly says this isn't a demand-driven story. SAT Tip: 'According to the passage' questions reward you
for sticking to what's literally stated; don't add real-world plausibility that isn't on the page.

Q3. As used in the passage, 'sequencing’ most nearly means:

Answer: C

Mutiso uses 'sequencing’ to mean prioritising which structural problems — power, data, connectivity — to fix and
in what order. B is Trap B: the word's most famous technical meaning (DNA sequencing), but irrelevant here. SAT
Tip: On vocab-in-context, substitute each option into the sentence — only the one that preserves the author's
argument is correct.

Q4. As used in the passage, 'binding’ (as in 'binding constraint') most nearly means:
Answer: C

A 'binding constraint' is the limit that actually decides the outcome — here, technology is rarely THE deciding limit;
institutions and infrastructure are. A is Trap B: 'binding' often means legally binding in contracts, but that
meaning doesn't fit this sentence. SAT Tip: Economics and policy writing often borrows ordinary words for
technical meanings — read the surrounding sentence, not the dictionary.

Q5. Which statement about African data labelling work can most reasonably be inferred from the
passage?

Answer: B

The passage notes data labellers face difficult content and weak protections, which Mutiso calls genuinely troubling
— jobs, yes, but flawed ones. C is Trap C: plausibly true in the real world, but the passage doesn't say it. SAT Tip:
'Reasonably inferred' means one step beyond the text — not five steps, and not into outside knowledge.

Q6. The passage suggests that Mutiso's main worry about the long-term economic future of Africa is
that:
Answer: B

Mutiso explicitly worries that reshoring plus automation are eroding the path by which manufacturing jobs would
migrate to Africa. C is Trap A — right scope (regulation), wrong direction (she's worried about too little protection,
not too much). SAT Tip: When a passage compares 'short term' and 'long term' concerns, identify which timeframe
the question asks about before scanning options.
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Q7. Mutiso's response to the question of whether policymakers or tech companies should set
protections for data labellers is best described as:

Answer: C

She says 'both' — host countries need leverage and frameworks, but firms must also enforce internal standards. A
and B are Trap A traps: each takes one half of her answer to an extreme. SAT Tip: When an author explicitly says
'both,’ the correct option will mention both actors; eliminate any option that picks only one.

Q8. The author's tone toward the 'Al will transform everything' narrative is best described as:

Answer: B

Mutiso acknowledges real wins (the monsoon forecast) while pushing back hard on hype and the leapfrog framing
— classic measured skepticism. C is Trap B: she's critical, but 'openly hostile' overshoots. SAT Tip: For tone
questions, look for the author's adjectives and qualifications; words like ‘frustrating,’ mot a just-add-Al story," and
real physicality' signal critical engagement, not rejection.

Q9. Which statement about the first wave of Al-driven job disruption in Africa can most reasonably be
inferred from the passage?

Answer: B

Because around 80% of Africans work informally, Mutiso argues the initial economic shock to formal knowledge
and office work will miss most workers. A is Trap A — same scope, opposite direction. SAT Tip: When a passage
gives you a number like '80% informal,' ask what that number implies about who is NOT affected — that's often
where the inference lives.

Q10.Which choice provides the best evidence for the answer to the previous question?

Answer: C

This is the line that directly supports the inference in Q9: the informal majority sits outside the first wave. A, B, and
D are real passage facts but address different claims. SAT Tip: On evidence-pairing questions, lock in your Q9
answer first, then hunt for the line that says exactly that — don't pick evidence that's interesting but off-topic.
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